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« CTC identification based on (DAPI+; CK+; CD45-) phenotype was achieved using a multi-

parametric digital pathology algorithm. Digital pathology features were extracted.

CONCLUSIONS

* Previous studies showed that pGl was an analytically validated biomarker with
clinical utility to predict PARPi or platinum therapy response in mCRPC pts.

 Relocated CTCs were individually isolated. Low-pass single cell NGS sequencing was used to
determine the number of large scale transitions (LSTs) for each individual CTC genome within
the training cohort and used as a ground truth or label for algorithm development.

« Using this set of features and labels, a linear regression model was trained to predict the

continuous value per CTC. A cutoff was applied to obtain a binary read-out. Prediction .

perfo:magce VZIaS bdase? on binary classification using the same cutoff for the continuous High Genomic Instability (high LSTs/pGl) Low Genomic Instability (low LSTs/pGl) » Further analytical validation in a larger cohort is ongoing.
actual and predicted values.

* Here we show the same test concept can be applied to TNBC.
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PGl positive (i.e. predicted to be genomically unstable).

rapidly, at reduced cost and aid in the acceleration of drug development.




	Slide Number 1

